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Background

2013 Rana Plaza Collapse

Business and Human Rights Center 3

https://www.business-humanrights.org/en/latest-news/bangladesh-thirteen-years-after-rana-plaza-collapse-workers-families-yet-to-see-justice/
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COVID-19

How can we administer surveys in disaster settings? 

World Health Organization 5

https://www.who.int/news-room/feature-stories/detail/bangladesh---turning-the-covid-19-crisis-into-an-opportunity


COVID-19

How can we administer surveys in disaster settings? 

Remote access

Valid population inference
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COVID-19

How can we administer surveys in disaster settings? 

Remote access  ->  Cell phones

Valid population inference  ->  Network sampling

7



‘RDS’ was developed to access otherwise hard to reach (HTR) populations
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Recruitment

Peer-to-peer

Dual incentive (physical voucher)

Unique identifiers to keep track of respondents
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Estimation - Volz-Heckathorn (2008)

    , degree, number of 
connections

High degree, weighted 

Low degree, weighted 
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Remote access

Cell phones: Inghels et al. (2021) 

Internet, cell phones: Pham et al. (2023) 

Smart-phones: Bramley (2022) 

Web-based with SMS/WhatsApp: McGowan et al. (2023)

11



RDS Assumptions 
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RDS Assumptions 

1. Single Component
2. Reciprocity
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RDS Assumptions 

1. Single Component
2. Reciprocity
3. Random referrals
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RDS Assumptions 

1. Single Component
2. Reciprocity
3. Random referrals
4. Sampling with replacement
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1. Single Component
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5. Degree (number of contacts) is accurately reported

18https://think360studio.com/blog/recall-recognition 

https://think360studio.com/blog/recall-recognition


RDS Assumptions 

1. Single Component
2. Reciprocity
3. Random referrals
4. Sampling with replacement
5. Degree (number of contacts) is accurately reported
6. Sufficient recruitment chains
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Randomized Recruitment-Driven Sampling (RRDS)
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Randomized Recruitment-Driven Sampling (RRDS)
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Simulation Study

Generate a network of 10,000 nodes. 

Parallel data collection comparing traditional RDS with RRDS.
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Simulation Study
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Wave



Simulation Study
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Simulation Study
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Empirical Example: Garment workers in Bangladesh

2017 survey as baseline for validation.

Parallel RDS and RRDS arms. 

Data collected between 2020-2021. 

Elicit respondent’s call log, randomly select contacts. 
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Empirical Example: Garment workers in Bangladesh

Women were far less likely to provide referral contacts than men. 

Adapted data collection to follow all referrals from women, still insufficient data.

Focus our results on Male respondents. 
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Empirical Example: Garment workers in Bangladesh
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Empirical Example: Garment workers in Bangladesh
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Conclusion

Promising results, but contextual.

Wider use than just disasters / cell phones!

More experiments! 
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Thank you! 
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