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“For over a century, urban scholars have debated 
how people define neighborhoods” Hwang (2015)
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Many stakeholders with conflicting imaginaries  e.g. tenants, 
landlords, municipal admin, corporations, community members …

… measured with surveys, interviews, focus groups, admin 
boundaries, advertisements.

Craigslist is a wonderful data source, but brings many challenges, too.



Which neighborhood 
is this apartment 
actually in?



Chicago 2018-2024
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Helena webscraper (see 
Chasins et al., 2018, Hess and 
Chasins, 2022)

n=30,531 listings after 
pre-processing



              Mention(s)         



              Mention(s)         ≠                   Claim(s)



String-matching (does keyword ‘lakeview’ appear here?) is 
fine for mentions, but not as well suited to claims.
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“Social center” with Chicago and Zillow Boundaries



Topic Modeling
(LDA with tomotopy)



Language used in posts varies with proximity to center



Neighborhood “claims” processes:

(1) Overlapping claims: conflicting claims due to different 
conceptions of the same space.

(2) Extending-boundary claims: listings appeal to feasible but 
different adjacent neighborhoods.

(3) Reputation-laundering claims: strong claims to 
neighborhoods in entirely different parts of the city.



Main takeaways

Impact of LLMs on this task may be transformative in the ability to 
quickly expand the scope of analysis, the quantifiable improvement 
on simple algorithms designed by experts is perhaps more 
incremental. 

Nevertheless, we can learn a lot by really focusing on aligning 
measurement with conceptualization. 



Preprint
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Thank you! 
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